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ABSTRACT

Business analytics has become an integral part towards the success of many organizations. Accordingly, business
analyticsistherefore regarded asthe process of transmuting datainto activitiesthrough analysisand perceptionsin the
context of organizational decision making and problem solving. As a result, business analytics is regarded as an
essential element which offersmanagers, leadership with significant information for usein predicting thefuture of the
organization. The purpose of the paper was to look at the business anal ytics was to ook at the busi ness benefits and
what the future look like for using big data in business application. Last section of this paper looks at Netflix as
successful big data example. The goal of predictive models isto examine data trends to gain analysisinsight in to
customers buying patterns and product preferences, while at the same time, to gain an understanding of future
opportunities and potential risks. Generally, the greatest benefit of business analytics for organizations pertained to
driving efficiencies and to optimize operating environments, Netflix astaken example in this paper has mastered
analyticsand used it efficiently to create value, theteam has|ooked at Netflix in detail. Today if you open your Netflix
account; ask yourself what isthe % match showing on your screen, how Netflix can predict and suggest your interests.

Keywords: #Business analyti cs, #predictive data analys s, #descriptive data anal ysis, #analytics, #Netflix.

INTRODUCTION

Business analytics is the study of data using
operations and statistical analysis. Therefore,
business analytics calls for quantitative approaches
and evidence-based data for decison-making and
business modelling (Evans, 2016). Basically, from
the business and managerial perspective, business
analyticsisavital element which isused by managers
to gainknowledge regarding their organization which
aid them in making insightful decisions. As a result,
business analytics provides managers with key
information to predicting the future of the
organization's sales.

There are several sources of big data that
individual or company can access, and this is all
depending on the type of analysis, variables & goal
of the sudy, intoday’sworld there are multi-software
and applications can be used to study, analyze,
simulate and optimize data for best use.

No one can deny that big datatoday will give big
benefits, the curious questions today are about the
benefits as well as the limitations — in part Il in this

paper the team has tried to answer some of these
guestions, addressing the “predictive’ data models.
The big advantages are noticeable ROI % in a very
competitive time, all companies seek to create value
to shareholders and by improving customer
satisfaction and operate more efficiently they are
absolution create value by applying analytics.

On another side, there are some identified risks
& limitations such as cost of development,
customization and maintenance, managing the
change in implementing new big Bl project as
example is one the main failure issues organization
can have.

Big data is the future where we will see more
upcoming revolutionary solutions based on advanced
algorithms being developed and exponentially
improving in last decades, ROI and value created
will be humongous as the team explains in “Future
of big data’ section.

Companies who are using big data today are in
blue ocean zone, they explore un-identified potential,
thisis not about how do you optimize budget, but it
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isanexploration of new ERA, theteam has showcased
some benefits example from Walmart/ACS and some
other failure from KMART/NHS UK and then put
together arecipefor successinour new digital world.
Inlast section of the paper, theteam haslooked
at Netflix and how the anayze everything, focusng on
productionsthelast sectionisexaminingin detail how
Netflix analyze and optimize cost of productionfor their
new Netflix originals, interesting part intoday’s Netflix
practice and how they adapted advanced machine
learnings for personalizing recommendations and
optimizing the cover movie pageto cusomers.

BUSINESSANALYTICSINTRODUCTIONAND
BACK GROUND

Businessandyticsand big dataare popular topicsthese
daysand haveatrack record back to ancient timessuch
asEgypt, Romeand Babylon (Min, 2017).

Business analytics has defined as “use of data,
information technology, statistical analysis,
guantitative methods, and mathematica or computer-
based models’ (Evans, 2016; p.4). It isalso “aprocess
of transforming datainto actionsthrough analysisand
insights in the context of organizational decision
making and problem solving.” (Evans, 2016; p.4).

From business and managerial aspects, business
analytics is a vital tool for managers to gain
knowledge about their organization and make solid
and insightful decisions accordingly. Additionally,
business analytics provides essential data and
information for managers to predict the future of the
organization, i.e. sales (Evans, 2016).

The following Figure
[Fig.1] shows the
relationships between data
analytics and data science
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Fig. 1 Source: Kevin (2017)

Almost al departmentsin any organization can benefit

from utilizing business analytics to improve their
operationsor predict future trendg/activities. Thismay
include customer relationships, sales, marketing, supply
chain and financial activities, human resources etc.
(Evans, 2016). Thereisadirect rdationship and pogitive
impact between utilizing business analytics and better
performance of companiesfrom various aspectssuch
asprofitability and cusomer satisfaction (Evans, 2016).
Other possibleimpactsinclude “reduced costs, better
risk managements, faster decision, better productivity,
and enhanced bottom-line performance’ (Evans, 2016;
p.8)

According to Min (2017), business analytics
facilitates and helps organizations to:

1. “Gaining insights into business practices and

customer behaviors”

2. “Improving predictability”

3. “ldentifying risk”

4. “Improving

communication”
5. “Enhancing operating efficiency”

the effectiveness of

[Fig.2] shows the
relationship between
various elements in
business analytics
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Fig.2 Source: Evans (2016)

There are various methods to understand the
collected data in business analytics including
descriptive analysis, predictive analysis and
prescriptive anadysis. Thedata collection can be done
by using annual reports, sales and marketing data,
financial statements, etc. (Evans, 2016). Descriptive
data analysis helps the companies to figure out the
past and current company’s performance and make
decision accordingly (Evans, 2016), wheress, predictive
dataanayssprovideusesthe current patternghistorical
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of datato predict the future of the company (Evans,
2016). Prescriptive dataanalysis” uses optimizationto
identify the best alternativesto minimize or maximize
some objective” (Evans, 2016; p. 10). [Fig.3] shows
the relationship between these methods aswell ashow
they help the organization during various stages of the
data collection, interpretation and forecast (Kevin,
2017).

How can we
4 make it happen?

What will

Fig. 3 Source: Evans (2016)

These days there are various programs and
software’s available to preform business anaytics
such as Microsoft Excel and SAS. “In 1980’'s and
1990’s business analytics was doing by penand paper
or early versions of Microsoft Excel” (Manning,
2015), However, those new versions were not user
friendly and business analysts had a hard time to use
it (Manning, 2015). The available software’s such
as new and updated versions of Microsoft Excel are
much more user friendly and are a mgjor help for
business analysts and companies. There are also
many cloud based programs and applications
available these years to perform business analytics
which are more visual and easier to work and
understand than Microsoft Excel.

The Benefitsand Limitations of
BusinessAnalytics— Overview

Predictive models are commonly used to examine
existing information and historical patterns to help
predict future opportunitiesand aswell asrisks. This
process usesvarious probahility techniques, such asdata
mining, statistical modelling, and machine algorithm
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learning to assst analyststo determinefuture business
intelligence forecasts (Georgetown Universty, 2018).

Overall, thegod of predictivemodelsisto examine
datatrendsto gain analyssingght into cusomershbuying
patternsand product preferences, whileat thesametime,
to gain an understanding of future opportunities and
potentid risks.

For example, “Today's advancesin analyzing big
data allow researchers to decode human DNA in
minutes, predict where terrorists plan to attack,
determine which gene is mostly likely to be
respongblefor certain diseases and, of course, which
adsyou are most likely to respond to on Facebook.”
(Bedl, n.d.).

The use of Big Data tools and software alows
companies to sort and assess vast quantities of data
that has been accumulated in order to assess
information which data has merit and should be
further assessed to assist making operational
decisions in the future. Data, both structured and
unstructured, is gathered from all levels of an
organization, and data sets may be consolidated,
compared, and analyzed, to detect trends and other
useful business data. (Beal, n.d.).

Using Netflix and Amazon as examples; Netflix
uses predictive data analysis to gain insight in to
which movies customerstend to enjoy. Amazon uses
data analytics to predict customers’ buying
preferences, even going as far to then deliver these
products to specific regional warehouse locations
based on his data before customers even order the
products.

BUSINESSANALYTICS—-BENEFITS

Besides competitive advantages in the market place,
there are lucrative advantages to implementing a Bl
system. Based on research findings from 43
businesses in North American and Europe, the
average return over a five-year period on Bl
implementations was 112% for an investment of $2
million. “ROIs ranged from 17% to 2000% with an
average ROI of 457%. Thus, business intelligence
system implementations can be very beneficial to the
organization investing.” (Madewell, 2014).

It is also interesting to note that both the
organization investing in business analytics software,
as well astheir customers, benefit from BI.
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“The investing firm benefits by operating more
efficiently and offering better customer service. The
customer benefits by receiving better customer
service which alows the customer to operate more
efficiently and possibly gain a competitive
advantage.” (Madewell, 2014).

In a survey by Webopedia' s parent company,
‘QuinStreet’, 540 executive managers associated
with big data implementations, stated their purpose
to invest in Big Data analytics was to assist the
organization improve operations. In addition, about
50% of the survey participants said, “they were
applying big data analytics to improve customer
retention, help with product development and gaina
competitive advantage.” (Beal, n.d.).

Overall, the greatest benefit of business analytics
for organizations pertained to driving use big data
analytics to improve speed and reduce complexity.”
(Bedl, n.d.).

BUSINESSANALYTICS—-LIMITATIONS

Although there is a vast increase in the availability
of digital data, the costs associated with using big
data can be expensive, especialy for many small
businesses. Typical costs related to Bl installs
include: “hardware costs, software costs,
implementation costs, and personnel costs.
Maintenance costs can be significant, as well.
Maintenance cogsfor Bl installations average around
15% of the purchase cost.” (Madewell, 2014).

Bl installation costsfor many large organizations
could end up in the $6 million to $3 hillion range.
As aresult, many smaller organizations are not able
to commitment the necessary investment dollars,
leaving these companies at a disadvantage
(Madewsell, 2014).

In addition, a significant number of Bl
installations end up failing due to ineffective change
management. “Having knowledgeable personnel on-
hand to manage Bl implementations by conducting
opportunity analyses, readiness assessments, process
engineering, ROI analyses, and change management
iskey to successful implementation. Being ableto identify
key opportunitiesisaso very important.” (Madewell,
2014).

During thepast six years, ‘MIT Sloan Management
Review’ has been conducting surveys of business
managersto enquireto what degreethey felt business
analytics resulted in the creation of a competitive
advantage for their business. During theinitial years of
the survey, the percent of managerswho reported the
creation acompetitive advantage asaresult of using big
dataincreased sgnificantly.

However, in 2013, the progressive incline
reversed direction, and for the past two years, there
has been a mgjor decline in the survey participants
responses regarding the creation of competitive
advantages (Ransbotham, Kiron, & Prentice, 2016).

The following [Figures 4, 5 & 6] are associated
with MIT Sloan Management Survey and their
findings pertaining to the decline in competitive
advantages from the use of business analytics:

(Ransbotham, Kiron, & Prentice, 2016).
Fig. 4 Competitive advantage from analyticsisdeclining
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Fig. 5 Difficulties gaining an edge with analytics

Among mansgers reporting a difficulty gaining competiive advantage with analybcs,
# certain percent cited one of more ressons for their difficulty.

We have just begun to apply ™
analytics and need more experience
We do not use analytics to drive ey
strategic decisons
We aren't sure how 1o apply the "
analytical insights to our business
Analytics is not  priority for senior P
management
We are using analytics, but so are m
our competnon
We haven't acted on the insights
from analytics =

Respendans coud chaase
mare than om ogten

source MIT Sloan Management Survey
Fig. 6 More data but insights have |l ess effect on strategy
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ALIGNING EXPECTATIONSWITH REALITY

The MIT Sloan Management Review Survey results
showed that greater than one-third (38%) of the
survey participants concluded that big data had not
lived up to al the expected hype, and 32% stated
they felt management’s goals associated with the use
of business analyticsaretoo high. “The hype hasbeen
around not only the amount of data but also around
the idea that data can solve all your problems.
Analytics can help you a lot, even give you a
competitive advantage, but only if you know how to
useit.” (Ransbotham, Kiron, & Prentice, 2016, p7).

The following highlights
in[Fig 7] some of therisks
associated with applying Big Data

BIG DATA HAS REWARDS, AND SOME RISKS

5123 | 3,79

million per breach L
and $154 per lostor
stolen record ¢

THE FUTURE OF BIG DATA

Each organization will need to conduct their own due
diligence to determine if the advantages of big data
analytics outweigh their limitations and related risks.
Regardless though, the growth of big data today is
an important consideration to all businesses.

Research has proven that there is direct
correlation between companies who have increased
their investmentsin Big Data and the associated pay
back for such initiatives. “For atypica Fortune 1000
company, just a 10% increase in data accessibility
will result in more than $65 million additional net
income.” (Ciklum, 2017).

THE IMPORTANCE OF BUSINESSANALYTICS
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IN COM PANIES SUCCESSFAILURES

The use of Big Data is becoming a differentiator
between high and low performing companies, it is
transforming the business environment, helping
business leaders making decisions based on
knowledge and not intuition (Liu, 2018). The
companies can measure what they need, to based
decision on the results of these metrics, but not only
decisons, but strategiesand investmentsaswadll (Liu,
2018). However, not all companies using analytics
can take advantage of them, some of them failed to
achieve their goals when introducing that tool.
I mplementing a business analytic systemis not only
purchasing hardware and software, it involves setting
up resources and infrastructure (Yeoh & Popovic,
2016).

Yeoh & Koronios (2010) have developed a set
of factors to be considered for implementing a such
a system in a firm, they are stated in the following
table:

Dimension  Critical success factor (CSF)

Committed management support
and sponsorship A clear vision and
a well-established business case

Organization

Process Business-centric championship and

a balanced team composition
Business-driven  and  iterative
development approach

User-oriented change management

Business-driven, scalable and

flexible technical framework

Technology

Sustainable  data
integrity
Source: (Yeoh & Koronios, 2010)

quality and

Yeoh & Popovic, (2016) said that the
organizational factors are the cornerstone of the
implementation and suggested that companies that
falled are due to focus more on techno-logical, to
the expense of organizational ones. They emphasized
the need to approach them in the right sequential
order, and manageria implicationaswell.
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Some examples of successand failuresimplementing
business analytics, on the retail industry, and on the
hedthcare one:

1- Successin theretail industry: WALMART

They collected 2,5 petabytes of unstructured data
from about 1 million customers per hour (Liu, 2018).
These are consolidated in an ecosystemand analyzed
into multiple keywords. This is used by Walmart to
try to optimize the shopping experience of every
customer. The result has been anincrease of 10-15%
of the online sales, year over year ((Liu, 2018).
Walmart based their strategic decision in four
functions:
¢ Understanding what customers are buying

¢ Understanding customer behaviors at the
competition

Research what is on customer’s minds

Understanding how online behavior and in
store behavior influence each other

Anadyzing datain that way, the company has been
able to gain multiple perspective of customer
behavior impact sales.

2- Failurein retail industry: KMART

This company is an example of poor management
and inability to use data to gain adaptability to the
market through strategical decisions. They were not
ableto align business analyticsto strategic goals, they
neither understood product trends nor been able to
manage inventory level suitably for satisfied their
customer needs, resulting in a poor customer
experience (Liu, 2018). To the contrary of Walmart,
Kmart was not able to implement a just in time
system to refill their places quickly.

According to Liu (2018), Kmart shew aclear lack
of leadership and organization, needed to take data
driven decision, and therefore it has been in a
continuing decline struggled to compete with other
companies such as Target or the own Walmart.

3- Success in healthcare organizations: THE
AMERICAN CANCER SOCIETY (ACS)

The ACS wanted to have a better understanding of
their users, and a better approach to marketing. The
ideawasto use analyticsto understand the interactions

between their userswith ACS gpplicationsand websites.
With thisinformation the organization group the users,
depending the behavior observed in three different
segments: donors, information seekers, and events
participants (Liu, 2018)

The company also developed a scoring systemto
measurethe user’strendsover thetime and check how
each webstewasfunctioning. The end of thiswasthat
ACS could develop patternsand based onthese patterns
the marketing strategiesfor specific usersgroups

4- Failurein healthcareorganizations: THE UK
NATIONAL HEALTH SERVICE

The aim of this organization was to integrate all
patients records in a central database. That way,
information about illness, treatments, and cost could
be tracked, and the resource could be managed more
effectively (Liu, 2018).

The initial budget wasto spend 6,4 hillion euros
in the project but was shut down after having spent
more than 10 hillion euros (Liu, 2018). What has
happened for such afailure?According to Lui (2018):

¢ The leadership team did not define clearly

the benefit of this project, and the healthcare
providers continue working in silos, so the
platform was built without clear business
objectives

¢ Therewasalack of expertiseintheanalytical

team. The National Health Service (NHS) did
not understand the complexity of the project
and this ended in disputes between vendors
which handicap the progress of the project

¢ The project was defined with the NHS asthe
customer, whilst the customers should be the
patients and the healthcare providers

The project was defined with the NHS as the
customer, whilst the customers should bethe patients
and the healthcare providers

As we are seeing, to succeed in Business
Analytics technology is not the key, but strategy
(Kanee€ a, 2015). These authors said that the ability
to digitally imagine the business is helped by a clear
strategy supported by leaderswho incentiveaculture
focus on change and invent. Also important are the
commitment of theemployeesto thedigital world. Kane
et d (2015) highlight somefactors:



Entertaining Data

¢ Digital strategy drivesdigital maturity. 80% of
the respondents to the MIT-Sloan school
research that have achieved digital maturity
said that their companies had a clear and
coherent digital strategy

¢ Thepower of transformation liesinthe scope
and the objectives.

¢ Digital strategies in the matured digital
companies had developed, according to the
research, with the aim of transforming the
business.

¢ Build sKills to realize the strategy. The most
digital maturing companies are four times
more likely to attract the most skilled
employees than the les maturing or the less
known ones.

¢ Risk becoming part of the culture. The more
digital maturing the company are, the more
comfortable taking risk. One step isthat isto
assume failure as part of the successful
agenda. Not always all goes well at the first
time, and from failuresit can be learn lessons
for the future.

¢ The digital agenda is lead top down. It is
important to rely in leadership, and it is
relevant that leadership isdigitally fluent, but
it isalso important to understand that digital
fluency does not mean mastery in technology.

Kane et al (2015) have found three trends
impacting digital strategy forward as well as
leadership and culture supporting it:

1. Greater integration between online and offline
experiences. It is important to make these two
channels complementary and not competitive

2. Organizations must embrace analytics and use
their data in decison making and processes

3. Business models will reach their sell by date
quicker. John Chambers, Cisco’'s CEO said” By
the time it’s obvious you need to change, it's
usually too late,” “Very often you have to be
willing to make a big move even before most of
your advisers are on board. And you need a
culture that lets you figure out how to win even
without a blueprint”.
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To succeed inthese processes, it should consder 3
relevant questions (Kaneet d, 2015):
¢ “Doesthe organization have adigital strategy

that goes beyond implementing
technologies?’

¢ “Does the company culture foster digital
initiatives?’

¢ “Is the organization confident in its
leadership’s digital fluency?’

NETFLIX CASE STUDY

They use several techniques involving data such as
Analytics, Data Science, & Machine Learning. This
is al a science of attracting clicks on movies within
your account. They know what you watch and how
to attract you to watch it. They recommend movies
based on past movies, but they also recommend
visuals based on past movies here we will take a
deeper dive in to how Netflix is using data to help
you make decisions.

They analyze everything from how you get
recommendationsto even production; let’s start with
production. “Netflix has released hundreds of
Originalsand plans to spend $8 Billion over the next
year on content.” (Kumar, et al., 2018)
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Cluster e Photography Electric  Hair + Maleeup

Fig 8 An Example Hierarchical Cost Model (Kumar, et al.,
2018)

Everything from how long work daysare, to costs
of venues, supply costs, cost of extras, etc. [Fig 8] is
an example Netflix provided of how they calculate
these costs.

This example highlights how they can calculate
datato pick locations do they need aset arethey using
natural surroundings, is weather good for script etc.
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Productionisabit trickier becauseit could be a one-off
shoot or an ongoing season seriesfor example which
bringsinmore planning and datarequired.

How do they use datafor recommendations?l’m
sure we al know when you watch a movie that you
start to get recommendations for smilar movies.
“This gives an equation of the form frank(u,v) = wl
p(v) + w2 r(u,v) + b, where u=user, v=video item,
p=popularity and r=predicted rating.” (Amatriaian
& Basilico, 2012) The example in the formulais one
that was used in 2012 to determine how to rate
popularity within their

Predicted Rating

Popularity

Fig9 Predictive Rating and Popularity Image(Amatriaian &
Basilico, 2012)
rating system. Example as in [Fig. 9] is the formula
gives split testing results that basically give different
weights based on the users scoring of rating where
they can amost predict what future ratings of that
user will be and make recommendations as a result.
Below shows how the 2 dimensions are used.
Netflix stated in this same study that they are
using the following methods of data analysis in
conjunction with their “machine learning for
personalization: Linear Regression, Logistic
Regression, Elastic Nets, Singular Value
Decompression, Restricted Boltzmann Machines,
Markov Chains, Latent Dirichlet Allocation, Gradient
Boosted Decision Trees, Random Forest, Clustering
Techniques from the simple k-means to novel
graphical approaches such asAffinity Propagation, and
Matrix Factoring.” (Ameatriaian & Basilico, 2012)

Luckily Netflix is open on how they cometo
test their theoriesaswell leaving the following model
to show how they test processes before rolling them
out to consumers. Hereisadiagramasin [Fig 10] of
that process from 2012.

L e
Hypothesis T ooy
yp ! A/B Test Group
Decide -
Model

Reformulate
Hypothesis

Rollout
Prototype

Rollout
#| Feature to
all members

Train
Model

Observe Member
Behavior

Fig 10 Hypothesis Testing (Amatriaian & Basilico, 2012)
So how do they draw us in to spend more and
more time on their site by customizing every little
detail from what's recommended to what visuals we
see. Yes, they even change the look of the site based
on our individual experience. Example of thisis how
they even change box covers of moviesfor individual
personalization. [Fig 11] shows when they are
working on artwork for the screenshots they may
make up a sampling to test for click through rates.
Example for Stranger Things shown below.

e
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Fig 11 Stranger Things Example (Chandrashekar, Amat,
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Basilico, & Jebara, 2017)

'}
N
¥ SERENDIPITY

Fig 12 Good Will Hunting Example (Chandrashekar, Amat,
Basilico, & Jebara, 2017)

But it goes into more than just testing images
that’s simple A/B split testing has been done by
companiesfor along time Netflix istesting emotional
responses to films they’ve watched in the past.
Example showed in [Fig 12] if you are watching
movies with certain actorsyou may see more images
of that actor inyour recommendations as opposed to
those that watch more action sceneswhere they may
focus images based on action scenes. Here is an
example of thisusing the moving Good Will Hunting.

The example above shows that images that had
romantic scenes clicked led to a screenshot of the
romantic scene in the movie to convey similar
interest. Theonethat viewed comedy led to animage
of someone laughing to convey the comedy in the
movie. Thisis based on agorithmsthat are developed
using machine learning and data science. They also
consider how long people watch the movies they
click on to make sure the images aren’t being
perceived as click-bait (a term meaning enticing
someoneto click then swapping content to something
else).

CONCLUSION

Asit isclearly shown in the paper, analyticsis akey
differentiator factor today in the digital age,
development of advancement algorithms and
machine learning has a big impact on how companies
are today using advanced tools that is vital to take
decisions and becoming more competitivein market.
Business analytics and successful use of big data
facilitates and help organization to gain insights,
improve predictions, identify risk and operate
efficiently.

It isimperative in every company now to embrace
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digital transformation and build this into company
strategic mandate as well as setting clear scope and
objectives and build the right skills to realizing this
strategy and most importantly there should be
leadership understand their role in driving this top
down.

Clear examples as shared in this paper showed
why some companies and organizations have failed
or succeed to be digitally fluent, define right needs
and manage the data sources into successful data
application.

Netflix is innovating data science within their
organization and with initiatives they put out. They
offered a challenge in 2012 to come up with a
predictive algorithm and the prize was $1 million
which they stated netted them incredible returns on.
They are mixing and matching models and creating
new models by correcting them to meet their
organization’s needs. Thisisimportant ascompanies
may find themselves looking at data and seeing that
it doesn’'t apply to them. When they need to think
how | can modify this to work for my organization
so that we can use this as a strategic advantage.

REFERENCES

[1] Amatriaian, X., & Basilico, J. (2012). Netflix
Recommendations: Beyond the 5 stars (Part 2).
Retrieved from The Netflix Tech Blog: https://
medium.com/netflix-techblog/netflix-
recommendations-beyond-the-5-stars-part-2-
d9b96aa399f5

[2] Beal, V. (n.d.). Big Data Analytics. Webopedia.
Retrieved from https://www.webopedia.com/
TERM/B/big_data_analytics.html

[3] Ciklum. (2017). Pros and Cons of Big Data.
Retrieved from https://www.ciklum.com/blog/pros-
and-cons-of -big-data/

Chandrashekar, A., Amat, F., Basilico, J., & Jebara,
T. (2017, December 7). Artwork Personalization at
Netflix. Retrieved October 31, 2018, from The
Netflix Tech Blog: https://medium.com/netflix-
techblog/artwork-personalization-c589f074ad76

Evans, J. R. (2016). Business Analytics, Methods,
Models and Decisions. Pearson Education Inc.

Georgetown University. (2018). Pros and Cons of
Predictive Analysis. Retrieved from https://
scsonline.georgetown.edu/programs/masters-

[4]

[5]
[6]



22

[7]

(8]

[9]

Maryam Fouladirad, John Neal, Jorge Vilaplana Ituarte, Joshua Alexander, Abmad Ghareeb

technology management/resources/pros-and-cons-
predictive-analysis

Kane et al (2015). Strategy, not technology, drives
digital transformation. MIT Sloan management
review

Kevin. (2017). Business Analytics vs Business
Intelligence.  Retrieved from  https://
www.janbasktraining.com/blog/business-anal ytics-
vs-business-intelligence/

Kumar, R., Misra, V., Walraven, J., Sharan, L.,
Azarnoush, B., Chen, B., & Govind, N. (2018,
March 26). Data Science and the Art of Producing
Entertainment at Netflix. Retrieved October 30,
2018, from The Netflix Tech Blog: https://
medi um.conV/netflix-techblog/studio-production-
data-science-646ee2cc21al

[10] Liu, Y. (2018). TheChallenges of BusinessAnalytics:

[11]

[12]

Successes and Failures. 51st Hawaii International
Conference on System Sciences

Madewell, C. (2014). Advantages & Disadvantages
of Implementing Business Inteligence. Linkedin.
Retrieved from https://www.linkedin.com/pulse/
advantages-disadvantages-implementi ng-busi ness-
charles-d-madewd|

Manning, A. (2015). A Brigf History of Business
Analytics: Why Sdlf-servicelsKing.  Retrieved
from https://yseop.com/blog/history-business-
analytics-self-service-is-king-2/

[13]

[14]

[15]

[16]

Min, H. (2017). Introductionto BusinessAnalytics.
Retrieved from http://www.informit.convarticles/
article.aspx?p=2494418

Ransbotham, S., Kiron, D., & Prentice, P. K. (2016).
Beyond the hype: The hard work behind analytics
success. MIT Sloan Management Review, 57(3)
Retrieved from https://search.proquest.com/
docview/1778453021?accountid=158651

Yeoh W & Koronios A (2010). Critical success
factors for business inteligence systems. Journal
of Computer Information Systems

Yeoh W & Popovic A (2016). Extending the
understanding of critical success factors for
implementing business intelligence systems. Wiley
Online Library.



